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Abstract 3. Results
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duration, pressure area during systole, standard
| N”T.be; of Bl MIMIC deviation, crest factor, mean, mean arterial pres-
In this poster we present beatDB structure and use Seels sure.
beatDB for a concrete research study: predicting Waveform Sub-aggregation window [ minute
acute hypotensive event with blood pressure. Database Sub-aggregation function Mean _
Aggregation window Prediction definition: lag
~— _— Aggregation functions mean, standard deviation, kurtosis, skew, trend
Machine learning algorithm logistic regression
1. Introduction / Motivation Hypothesis evaluation metric AUC (area under the ROC curve)
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» Mean of signal False positive rates achieved for a true positive of 90% as we changed the prediction
» Root-mean-square level (RMS) of signal problem parameters and the thresholds for AHE determination
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* Mean arterial pressure (MAP) drastically cut down the time required for such studies.
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